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USE OF PANEL DATA IN APPLICATIONS OF INCOME DYNAMICS

SEPPO LAAKSONEN

Central Statistical Office, SF-00101 Helsinki

By using panel data, the paper aims to (1} describe changes in the income of
households and to (2) preseni an econometric model for explaining short-term
changes in income. The data are derived from the income distribution statis-
tics compiled by the Central Statistical Office of Finland. The panel feature
has been a part of the statistics since 1982. According to the results, the in-
come of households varies considerably from vear to year. The explanatory
power of the econometric model was satisfactory. The income level of the previ-
ous year turned out to be the best regressor: the panel data show that income
differences level out regardiess of what cross-section data may indicate. The
next best regressors turned out to be changes in the socio-economic status and
the composition of the household.

On the basis of the results, use of panel data can be recommended for re-
search on income and on other applications of economics, In the present study,
the duration of the panel was only one year, which is why the application of
the data is more limited than would be the case with longer panels. Long panels,
on the other hand, suffer from a reduction in data due to nonresponse and

overcoverage.

1. Introduction

Empirical research on income and on
changes in income is usually based on cross-
section data.! This means that measurements
as identical as possible have been performed
at different points of time, independently of
one another. Another alternative is offered by
studies in which there is a linkage between
observation units which have been gathered
at different points of time using identical
measurements. In this report, these data are
referred to as panel data.?

Panel data have been used especially in

I Other terms used include periodic data and repeated
study.

2 Other terms used include longitudinal data, follow-
up study and cohort study.

demographic and epidemiological research.
In econontics, or econometrics, the approach
has gained currency in the 1980s. Many of
the studies in the field have been mostly
theoretical® because of the shortage of empir-
ical data. The situation is being remedied,
however, as demonstrated by the list of 15
studies in Atkinson et al. (1988).

In the field of income studies, the best-
known panel data are those produced, since
1968, by the Panel Study of Income Dynamics
(PSID). These data have been used in several
studies dealing with income, wages and sala-

ries, and labour®. Aside from the PSID, pan-

3 Cf. Anderson and Hsiao (1982), Chamberfain
(1982}, MaCurdy (1982) and Creedy (1985).

4 See e.g. Atkinson ef al. (1988), Duncan and Kalton
{1985), Lilja (1986), Quigley (1987) and Survey Research
Center (1984).
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el-based results on income have been pub-
lished with reference to the Netherlands, for
instance (see e.g. Keller et al. {1985)).

1t is obvious that the number of studies in
this field will grow. One contributing factor
is that national statistical offices have started
compiling panel data. BEven after a data col-
{ection period has come to an end, panel data
can be obtained by drawing on registers up-
dated at different points of time or on cen-
suses for information on the same individu-
als. Under this procedure, the number of com-
parable variables is, however, smaller than in
data sets compiled expressly for panel analy-
sis.

2. Panel data used, advantages
and disadvantages

This report presents results from Finnish
panel data on income. The data are based on

OBSERVATION
UNITS

e

{a) - selectedin 1983 7
- interviewed

in 1983-84 6056

- No overcoverage

{b} -selectedin 1983
-interviewed

only 1983 285

- NO Overcoverage

{c) -selectedin 1983
- no interviews
1983-84
- o overcoverage

{d) -selectedin 1983
- interviewed
only in 1983
- overcoverage in 1984

{e) -selectedin 1984
- interviewed
in 1984
= NG gvercoverage

6153

1923 DATA FROM

n registers

the income distribution statistics compiled by
the Central Statistical Office and featuring,
since 1982, panel-based data collection. At this
stage, data from two panels are available; one
was set up in 1982 and was terminated in 1983,
while the other was set up in 1983 and was ter-
minated in 1984, Thus, for each reference
year, data for both the old and the new panel
are available. An arrangement like this is
called a rotating panel.

Despite the short duration of the paneis of
income distribution statistics, many benefits
are achieved, The following three are cases in
point:

1. Panel data do not entail a loss in informa-
tion, for they contain information for both
cross-section and panel studies. Cross-sec-
tion data for 1984, for instance, can be
compiled in three alternative ways: (1)
from the panel set up in 1983 and termi-
nated in 1984 (Figure 1, data set (a)), (2)

VARIABLES
1384 DATA FROM

| interview 4 interview
PANEL DATA 1983 - 1984

I

nonresponse
(18,0 %)

{f) -selectedin 1984
- nointerviews
in 1984
« NO overcoverage

1246

Figare 1. Data structure for 1983—384

| response
| (16,0%)




from the panel set up in 1984 (data set (e))
and (3) from the pooled data of the two
panels, The results vary depending on the
data used because the samples are differ-
ent. Alternative (3) is used in statistical
production.

Pane] analysis is based on the data of the
same households for two consecutive years
{Figure 1, data set (a}). In addition to be-
ing used for compiling cross-section data,
panel analysis can be used for compiling
data on changes in households concerning,
for instance, the income, the composition
and the socio-economic status of the
household. This report will concentrate on
analysing these changes and their explana-
tions.

2. Change data obtained from panel data also
yield additional information for compiling
preliminary statistics and projections con-
cerning, for instance, the development of
income distribution and of the socio-eco-
nomic status of households, An example
of the latter case will be given in the report,

3. Estimates of periodic changes are more ef-
ficient if the correlations between succes-
sive observations are positive (see e.g. Dun-
can and Kalton (1986}). In this application
of Finnish data on disposable income,
these correlations were about 80 %.

Compilation and use of panel data are not
without problems. The worst of these are non-
response and other forms of attrition, which
inexorably grow as the duration of the panel
grows. In Panel 1983—84 of income distribu-
tion statistics, for instance, the nonresponse
rate for the first year was 18.0 % and for the
second year 3.7 % (cf. Figure 1), totalling
21.7 . These figures are not nearly as high
as those for the very long panel of the PSID,
in which the amount of data was almost
halved from 1968 to 1977. However, the
reduction was not only due to nonresponse.
It also included overcoverage, i.e. households
that no longer belonged to the original popu-
lation.

Shrinking data sets entail problems for the
processing and the interpretation of data. The
biggest problem is that it is impossible to give
a clear-cut definition of the population
represented by the data. This again leads to
fuzziness in the raising of observation units

57

from the sample to the level of the popula-
tion.

Nonresponse is not an essentially bigger
problem with the panel data of income distri-
bution statistics than with the corresponding
cross-section data, for the nonresponse rate
for the second year has been low. No major
problem has been caused by overcoverage ei-
ther, which from 1983 to 1984, for instance,
was 1.2 %. A short duration of the panel is
clearly an advantage as regards nonresponse
and overcoverage, but it has the disadvantage
that the data are suitable only for studying
short-term changes.

Apart from attrition, problems in panel
data are due especially to measurement errors,
which no survey can avoid. In estimating
cross-section results, there is no difference be-
tween panel and repeated surveys in this re-
spect. Measurement errors are, however, an
increasing problem in estimating changes.

On the whole, the data of income distribu-
tion statistics can be regarded as suitable for
the central purpose of this report: studying
short-term income changes and their back-
ground factors.’

3. Income changes during
Iwo successive years

Figure 2 presents the distribution of income
changes for the households in Panel 1983—384.
Similar results were obtained for Panel
1982—83. The average increase in income was
about 14 % while the median increase was
about 8 %. There was considerable variation,

5 I defining the concept of income change, accounit
should be taken of three factors: the concept of income,
the income receiving unit and the method of sampling.
In this report, the disposable income of the reference year
has been selected as the concept of income. The consump-
tion unit has been selected as the income receiving unit,
the first adult in the household equalling I unit, the sec-
ond adult 0.7 units and each child 0.5 units. The consump-
tion unit allows a more equitable comparison of the in-
come levels of households of different sizes than would
be the case if the household were the unit, for the income
level of a household is largely dependent on the number
of income recipients, Estimation of the panel data, i.e.
inflating the data to the level of the population, is based
on the data of the sumpling vear, i.e. the first year of the
sample, the estimators being of the Horvitz-Thompson
type (see e.g. Lanksonen (1988}).
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Figure 2. Distribution of changes in disposable income 1983 —84

as indicated by the range of variation from
—1 % to 18 % for the intermediate 50 % of
households. The dispersion of the distribution
was even greater beyond these limits.

Figure 3 illustrates the variation in income
changes by decile, The average immobility ra-
tio (see e.g. Atkinson et al. (1988)) was 40 %,
There was considerable variation in immobil-
ity by decile. The highest immobility ratio was
shown by the highest decile, while the next
highest ratio was shown by the lowest decile.
The second highest decile, too, had & higher
immobility ratio than the second lowest decile.
This demonstrates the greater stability of high
income compared with low income.

Transition to another decile is more com-
mon in the intermediate deciles than in the
marginal deciles. This is due especially to the
shorter inter-decile distances in the middle
than in the margins.

Figure 3 illustrates a phenomenon known
as the regression effect towards the mean (see
e.g. de Stadt (1985) or Atkinson et al. {1988)).
It describes the tendency of incomes to level
outf, or the movement of households towards
the middle. Correspondingly, a proportion of
households move from the middle regions of
the distribution towards the margins. The
regression effect has been measured (see e.g.
Atkinson et al. (1988)) using, for instance, the

linear regression model in which the response
variable is the logarithm of the ratio between
the income of individual i and the income of
all individuals at time t+ 1 and in which the
regressor is the corresponding ratio at time t.

Transitions to the next deciles are not al-
ways an indication of a clear change in income
level. Therefore, Figure 3 also presents the fre-
quencies of transitions to two or more deciles
away. These downward and upward transi-
tions exhibit similar profiles. The difference
is greatest between the highest and the lowest
decile: of the houscholds in the highest decile,
15 % moved two or more deciles down, while
of the households in the lowest decile, 22 %
moved two or more deciles up.

The frequency and the size of the transitions
indicate that data for one year are an inade-
quate measure of income distribution and es-
pecially of the standard of living of an in-
dividual household. A low income level may
often be temporary, without an essential im-
pact on the household’s standard of living. A
temporary high income level is also possible,
without an essential rise in the long-term
standard of living.

The effects of temporary and random fac-
tors can be reduced by using data for several
years. In the present case, data were availa-
ble only for two consecutive years. As a result,



39

Trensitions: g % g Q =3 7]
~-two or more % % Sﬁg ‘ 10 Eg
deciles up % %@ % % % % ool N
N 1
-one decile uplty BY by I N N 68
N N N 45
SN ogl 28 ?e
30| [V herd
31| [ e |1}
41 Yo ewwni ; 7] %
59 717 7177' id % 9’ 19 ? Transitions:
1 % 2‘ i/ < — _./__f 17; -one gdecile down
{ e B W Y P o1 [P0} = -two or more
}/E'r 4 B3 g g —] E; g ~ deciles down
Y M G i T T T T T
i 2 3 4 5 68 7 8 9 10
Deciles

Figure 3. Decile stability and transitions of income in panels 1982—83 and 198384, average (%)

the distribution of aggregate income was more
even for two conseculive years than for one
year. This showed up in the Gini coefficient
for the distribution of aggregate income: it
was 21.0 % for 1983, compared with 19.8 %
for 1983 and 1984 combined.

4. Structural changes in households
and their impact on income

There were thus variations in the changes
in income of households during one year. In
econometric studies, including studies on
earned income, the following regressors,
among others, have been presented for these
variations (see e.g. Anderson and Hsiao
(1982), MaCurdy (1982), Keller et al. {1985},
and Atkinson et al. (1988)):

Regression effect towards the mean
Changes in the structure of the household
or family due to marriage, divorce, death,
acquisition of children, change of house-
holds, etc.

Changes in the working conditions of the
household and its members as measured,
for instance, by socio-economic status
Education

Wealth

Age of household members

Borrowing money to purchase a dwelling,
etc,

Move to another locality

Housing conditions and their changes
— Health factors

Changes in the consumption pattern
Characteristic features of the respective
period of time, including the effects of
governmental labour market, social and
fiscal policies.

The data of income distribution statistics
enable to study all these factors except the last
three. In this context, however, moving to an-
other locality was not studied because of the
shortage of respective short-term observations
in the data. Changes in housing conditions
were not studied either bégause of the omis-
sion of the information from the data con-
cerned.

Instead, the seven other variables listed were
studied with a view to finding explanations for
the changes in income. The variables turned
out to be of different types. The grouping of
variables according to how time-dependent
they are is essentizal in panel analyses. This de-
pendency affects the specification of a varia-
ble: the greater the time-dependency of a vari-
able, the more important it is that the specifi-
cation includes its essential aspects.

Of the variables listed, education is rather
time-independent in short panels. The same
is true of age, the stability of which is en-
hanced by the even pace of its advance for all
persons. The other variables are quite time de-
pendent in the span of just one year. The first
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of these, regression effect towards the mean,
was discussed in the preceding section. This
section will discuss the structure, the socio-
economic status and the wealth of households.
The results concerning the remaining variable
of borrowing are presented in section 5, in
connection with the general model.

Changes in the size of households (Table 1)
give a general idea of the structural changes
in households. Size remained unchanged in
86—=87 " of households on average. The least
sensitive to change were small households.
The figures do not, however, include deaths,
which were more common in small house-
holds.

The cells outside the diagonal of Table I in-
dicate changes. Mosi of them are explainable.
Correspondingly, the income development of
households belonging to the cells can be stud-
ied. The following are a few of the results:

— A high rate of income growth was ob-
served for one-person households that had
more than one member the next year
(through marriage or remarriage).

— Correspondingly, a very low rate of in-
come growth was observed for dissolved
households, excluding households that had
two members in the preceding vear.

— A stable rate of income growth was ob-
served for households whose size was un-
changed, the rate being slightly higher for
small households than for large house-
holds.

Table 1. Stability and transitions (%) by household size

Household Household size All
size 1983 (upper) and 1984 (lower)
iggg ad T s 4 e

1 89 7 2 1 1 100

9 7 2 0 0 100

2 3 87 8 0 0 100

4 90 6 1 0 100

3 2 7 ) 8 1 100

2 7 81 9 1 100

4 i 2 6 84 7 100

2 2 6 85 5 100

5+ 2 2 2 8 86 100

2 2 2 6 88 100

86

Table 2. Stability and transitions by socio-economic
groups

Socio-economic Stability (%) Most
group 1982— 1983... —npertant
%3 a4 new groups

(a) Small farmers 61 64 (b)), i) (&)
(b} Farmers 79 81 ), (O
{c} Employers and

own-account

workers 66 69 (&), (g) ()
{d} Higher non-

manual employess 81 85 (&)
(e) Lower non- .

manual employees 76 76 {d), (g}
(f) Workess in

manufacture 71 74 &), (&
(g} Other workers 76 75 {f), ()
(h) Employment pen-

sion recipients 86 %0 (i}
(i} Nationa} pension

recipients 92 92 (h}
(i} Students 55 41 (e), (@) (&
(k) Other economi-

cally inactive 40 41 (e), (g),

(3 (1), ()

All 77 79

Table 2 presents changes by socio-economic
status. An unchanged status was observed for
T71—79 % of the households on average. The
highest degree of stability of status was shown
by persioners and the lowest by students, other
economically inactive households and small -

farmers. The table also indicates the most im- =

portant new groups.

A transition matrix on changes in socio-eco-
nomic groups can provide a basis for fore-
casts. Table 3 presents a static forecast on
changes from 1984 to 2000. The forecast is
based on the assumption that transitions be-
tween 1984 and 2000 will equal the transitions
between 1982 and 1984. A corresponding as-
sumption was made concerning new entrants
in the household population.

The forecast is a description of changes dur-
ing 1982—84 as seen from the perspective of
the future, It provides a clearer view of the
overall impact of changes. The results also
serve as forecasts; they are consistent with the
general perception of the development.

Panel data offer even many other oppor-
tunities. They enable, for instance, to study



Table 3. Simple forecast for changes in numbers of
household by socio-economic groups froms 1984 to 2000

Socio-economic group Change (%)

Small farmers —20
Farmers —10
Employers and own-account workers +8
Higher non-manual employees +48
Lower non-manual employees +8
Workers in manufacture —30
Other workers —14
Employment pension recipients +24
National pension recipients 16
Other economically inactive —10

income development in groups that have re-
mained unchanged. An example is given in
Table 4. The second and the fourth column
of the table contain households whose socio-
economic group has remained unchanged,
while the first and the third column contain
all households. A comparison of the columns
shows that the income development of Decile
1 in both panels is considerably more favoura-
ble in cases where the socio-economic group
has changed. In the four highest deciles, the
reverse is the case, i.e. remaining in the same
group has been an advantage. For the other
deciles, the results of the panels differed some-
what.

As a by-product, Table 4 presents results on
the changes in wealth of different income
deciles. They are consistent: the lower the in-
come for the first year of the panel, the less
favourable the development of wealth during

Table 4, Income and wealth changes by deciles
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the next year. In fact, the wealth of the two
lowest deciles has declined, which means that,
as a result of the unfavourable income de-
velopment, people have sold some of their as-
sets. A consideration of the changes in wealth
by age group showed that the decline in wealth
was concentrated in the 50+ age groups.

Not all transitions between socio-economic
groups are very significant, An analysis of the
results showed that separation of the active
and the inactive was the most important thing.
Among the active, the division between wage
and salary earners and self-employed persons
is important; among the inactive, the division
between pensioners and other inactive per-
sons. This forms the basis of Table 5, which
shows, for instance, that transition to the in-
active group tends to impair income Jevel,
while transition to the active group improves
it. The differences between the two panels are,
however, quite clear, especially with regard to
self-employed breadwinners. Given a steady
status, the rate of income growth was highest
for other inactive households, rather high for
self-employed households, about average for
pensioners and lowest for wage and salary
earners.

5. A model for explaining income
changes

Section 4 contained a list of variables that
could be used to explain income changes. Of
these variables, seven were chosen that were
available in the panel dafa of income distri-

Income group Income change {¥) Iacome change (%) Wealth
in first year 1982--83 198384 change (%)
. i 198384
Socio-econ. Socio-econ.
aroup group
unchanged unchanged
All All All
1. decile 52.4 437 58.6 51.4 8.1
2. decile 22,9 22.0 20.4 209 —3.5
3.—4. decile 18.9 19.4 13.2 12.9 0.4
5.—6. decile 15.0 6.3 9.2 9.2 6.7
7.8, decile 9.5 10.0 6.1 7.4 15.7
9.—10. decile 5.3 5.9 4.0 4.9 13.3
Al} 17.3 6.6 14.2 13.6 7.5
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Table 5. Income growth (%) by aggregated socio-economic groups according to inter-group changes

Status of Status of breadwinner in latter year (1983 upper, 1984 lower)
breadwin
irzre;re‘viloxr Self-employed Wage and Pensioners Other economi-
persons salary earners cally inactive

year
Self-employed 22 4 20 0
persons 20 13 3 4
Wage and salary 23 i5 —2 —19
earners 18 12 —9 —19
Pensioners 53 18 19 26

13 21 15 —I3
Other econtomically 52 i22 121 22
inactive 30 93 17 45
All 24 16 20 9

20 14 13 12

bution statistics. This section will gather to-
gether the explaining power of these variables
with the help of a statistical model.

The response variable consists of the change
in the annual income of a household. The
model can be specified in many ways. Specifi-
cation is affected by, among other things,
whether the response variable is retained in its
original form, i.e. as a variable describing an-
nual change, or whether it is classified. An-
nual change can also be presented as the
difference between the logarithms of the in-
comes.

In the present case, per cent change was
adopted as the measure of income change. Ex-
ceptionally large and small changes were,
however, cut off because random factors of
extreme observations hamper the construction
of models.

All regressor candidates were included in
the model in the qualitative, or classified,
form, although regression effect, wealth, debt
and age could also have been included in the
guantitative form. The classified form was
chosen because it allowed all parameters to be
interpreted in the same way. There are many
ways of classifying regressors, The classifica-
tion used here is based on considerations of
the kind presented in section 4 and on several
experimental models,

5 A growth in income in excess of 100 %0 was cut off
al 100 % and a reduction in income in excess of 50 %
correspondingly at 50 %. Can be seen as an application
of Winsor’s principle for increusing the robustness of
estimation (see e.g. Hoaglin et al. et al. (1983}).

The model chosen can be described as a
general linear model. To describe it in more
formal terms, an example with three regres-
8075 is given:

Let

Y = income change

A = regressor with levels i=1, ..., a

B = regressor with levels j=1, ..., b and
C = regressor with levels k=1, ..., c.

The model, then, takes the following form:
Yig = u+(A*B);+C, +ey,

where
p = intercept, -
A*B = interaction of A and B,
and
= gFror term.

In addition, the following restrictions are set:

(A*B),, = 0 and C, = 0.

i.e. the estimate of the variable’s top-level
parameters is set at the base value of zero,
with which the estimates at other levels are
compared in interpretation.

The best model of all the seven regressor
candidates is described in Table 6. It includes
five of the original regressors, because educa-
tional level and wealth turned out to be not
significant after the model already included
the other five variables. In actual fact, the
model contains six regressors because the
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Table 6. A general linear model for explaining income changes in panel 1983-—84. R-sguare = 16.1 %o.

Parameter Classification Estimate t for Ho: PRt}
Parameter =0
Intercept 3.3 —1.7 0.090
Income 1st decile 160.8 20.6 0.000
fevel 1983 10th decile —B,8 —8.5 0.000
2nd—9th decile 3.0 . .
Socio-econ. Changed but active —1.0 1.3 0.192
status Active to inactive —20.7 —11.8 0.000
and Inactive to active 13.3 6.5 0.000
its change Inactive, both years —3.9 3.0 0.002
Unchanged but active 0.0 . R
Family Two or more / WNumber of children down 18.5 3.3 0.001
composition adults, / » up 4.0 0.7 0.469
and both years / » ZEeTH 249 4.5 0.000
its change / » same 17.9 3.3 0.00t
One adult, / » down 38.2 3.6 0.000
both years / » up 3.3 )3 0.723
/ » Zero 22.4 4.1 0.000
/ » same 19.7 34 0.001
One adult 1983, / » down 18.4 2.5 0.011
{WO Or more / » up 46.7 5.4 0.000
adults 1984 / » ZETO 32.8 5.4 0.000
/ » same 37.2 4.6 0.000
Two or more  / » down 8.9 1.3 0.165
adulis 1983, / » up —30.4 —1.3 0.191
one adult 1983 / » ZETO 13.7 2.3 0.019
/ » same 0.0 . .
Debt and Approx. unchanged, both years —3.6 —2.5 0.011
its change Approx. zero, both years —4.7 —3.0 0.000
Essential decrease 1.3 —1.8 0.063
Essential increase 6.0 . .
Age of 16---34 years 3.9 2.8 0.004
breadwinner 30—39 years 1.9 1.4 0.143
40—359 years 1.5 1.2 0.208
60+ vears 0.0

structure of the household was split into two
variables: one describes the number and the
change in the number of adults, while the oth-
er describes the number and the change in the
number of children. In addition, the explain-
ing power of the model was enhanced by the
fact that these two variables were included as
crossclassified.

The determination coefficient of the mod-
el was 16 %, which is a reasonable result for
a mode] of this type. Table 6 shows the regres-
sors in order of significance. In addition, it
shows the levels of classification of each vari-
able, the corresponding estimates of parame-
ters and the test results.

Regression effect turned out to be the best
regressor, For its specification, the income lev-
el of the first year of the panel was classified
into three groups.” The interpretation of the
estimates matches the earlier interpretation:
the lower the income level, the greater the ex-
pected growth in income.

The second most important factor was a
change in socio-economic status, the order of
preference of the subclasses being as follows:

— Transition from an inactive group to an
active group

7 Use of more groups raised the degree of regression
somewhat but did not affect the resuft.
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— Remaining in an active group without a
change in socio-economic status

— Remaining in an active group with a
change in socio-economic status

— Remaining in an inactive group

— Transition from an active group to an in-
active group,

A change in household composition turned
out to be only the third best regressor. An in-
crease in the number of adults and a reduc-
tion in the number of children are factors with
a favourable effect on income level (cf. Witte
and Lehmann (1988)). In most cases, howev-
er, households without children showed even
greater increases in income. An increase in the
number of children and the changing of the
household to a one-person household seem to
have an adverse effect on income level.

The fourth best regressor in our model was
the amount of and the change in debt. It is
interesting to note that the income level of
households with an increased amount of debt
rose more than the income level of households
without debt.

The fifth best regressor was the age of the
breadwinner. Its influence was logical: the
younger the breadwinner, the greater the in-
crease in income.

6. Concluding remarks

Panel data on income have been available
to researchers since only a short time ago. In
Finland, data sets based on one-year or two-
year panels have been compiled since 1982, in
the context of the Central Statistical Office’s
income distribution statistics. Even panels as
short as these contribute significantly to in-
come studies, as has been shown in this paper.

The panel involves the monitoring of the
same households during the course of the two
years. The ‘same household’ refers to a house-
hold which in both years was represented in
the sample by one and the same of its mem-
bers. Monitoring the income development of
households and accounting for changes in in-
come level have been the principal aims. The
study gives a comprehensive description of an-
nual variations in the incomes of households.
On the other hand, accounting for the varia-

tions proved far from simple, as indicated by
the coefficient of determination at 16 %. This
shows that the variations depend on many
other, apparently individual, factors than the
income level of preceding year or changes in
socio-economic status, family structure, age
and, say, the amount of debt.
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